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Obesity and related chronic diseases are a major public health
problem that seriously endangers the health of the nation

PROJECTED TRENDS IN THE PREVALENCE OF OBESITY (BMI 230kg/m?)
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=== Diabetes remission ==« . Reducing chronic diseases Extension of life expectancy
® Diabetes remission rate 2 years

after surgery, 75%~95% ® Median life expectancy for

T2DM increased by 9.3 years

® 32% reduction in cancer risk
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® 42% reduction in risk of serious
adverse cardiovascular events

® 10 years after surgery, 87.5% of
T2DM achieve HbAlc <7.0%

® Median life expectancy for non-
T2DM increased by 5.1 years
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Existing problems

Uncertainty about the (01 The risk of patient

onset of cholelithiasis morbidity cannot be
@ predicted preoperatively

after metabolic surgery
Postoperative

management cannot be
personalised

Unclear programme of
postoperative
pharmacological
interventions
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» machine learning-based model
to predict the risk of early
biliary stasis
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-~ siqiWangBojunzhou, HuaMeng
Data Collection and Patient Selection
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Retrospective Clinical Data Analysis Division into Training and Test Sets
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Feature Selection and Model Construction

Univariate analysis
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Univariate Analysis for Application of Machine Learning
Feature Selection Algorithms
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- siqiWangBounzhouHuaMeng
1. Flowchart and patients features

1345 patients underwent surgery

98 patient got cholecystectomy
—* 278 patientwith gallstone.

69 patient without enough data.

|

396 patients with
biliary stasis

900 patients

}

504 patients without
biliary stasis
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Train data Testdata X2 P
Age(year) 36.51+18.32 38.22+17.56 -1.313 0.192
Sex(male) 378 (63.0%) 181 (60.3%) 1.082 0.312
| Diabetes (yes) 45.21 0.882 0.232
FLD (yes) 501 (83.5%) 2.011 0.712
TC (high) 458 (76.3%) 0.151 0.281
HDL-C (low) 398 (66.3%) 0.523 0.322
LDLC (high) 411 (68.5%) 0.432 0.115
UA (high) 256 (42.7%) 0.895 0.354
AST (high) 429 (71.5%) 0.832 0.655
| biliary stasis 275 (45.8%) 0.422 0.562
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.~ -sigiWangBojunzhou HuaMeng
2. Screening of clinical variables
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3. Superiority of the Random Forest Model
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Summary of Key Findings

Effectiveness of the Random Forest Algorithm in predicting early biliary stasis;

improving patient care and management through the use of the predictive nomogram;

\
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